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Abstract

Recent evidence on the impact of the crisis on Idpeel countries shows that the changes in income
inequality and poverty have been relatively smallspite of the macroeconomic heterogeneity of the
recession across different economies. However, wiesluating the main changes in individual
perceptions linked to the crisis not only increagesnequality or poverty matter, also changes in
individually-perceived chances to scale up or lgs®ind in the income ladder are crucial. Our airtois
analyze to what extent the recession may have haidnpact on economic insecurity perceptions by
increasing income losses in two developed countviesre job losses have been large. The contribution
of income losses to insecurity is approximated txy prevalence of downward income mobility. We
identify the main socioeconomic characteristicshoe most likely to suffer from a large incomeslds
general, age, education and the presence of childrine household are key determinants of thisieve
both countries.
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Introduction

Recent evidence on the impact of the Great Regessiodeveloped countries shows that the
changes in income inequality and poverty have bedatively small in spite of the
heterogeneity of its macroeconomic effects acrogsreint economies (Jenkiret al, 2013).
However, the harm of the crisis’ shock on socialveing is not fully reflected in inequality or
poverty trends. Any changes in individual perceivdthnces to move either upwards or
downwards in the income distribution are also rafgvand may guide individual’'s feelings of
economic insecurityhat could definitely affect social well-being anduld be contributing to
reduce society’s chances to leave the recessiondeBince Stiglitz et al. (2009) reported on
measuring economic performance and social progtebas become clear that measuring
economic insecurity is a key issue to understadvicual well-being. Most recently, Boarini
and Osberg (2014) underline that approaching tbe ad uncertainty about economic losses and
the extent to which this has an impact on well-héga main aim for research, more so when
economic shocks are severe, have a long duratidringtude relevant losses for a wide range
of individuals in society. A large number of workave demonstrated that income instability
and perceived insecurity have an impact on welgpésee Hacker et al, 2014) and some recent
papers on the improvement of Social Welfare meashee argued in favor of following
Prospect Theory and incorporate income-referenperdkence and loss aversion in individual
utility functions (Jantti et al., 2013).

Economic insecurity is expected to be particuléshge during recessions (even if it will also
depend on personal preferences linked to lossiam@and it will most likely reflect the degree
to which individuals are protected against largeneenic losses and strongly linked to some
measure of their changing circumstances. In fadteece on European countries suggests that
people’s sense of economic security is affectethtividual-level attributes and by any recent
job losses and perceptions of the national econdgAryderson, 2001) while insecurity
perceptions are strongly correlated with the curesposure to adverse effects (Espinesal,
2014). In this setting, individuals living in couiets with similar income inequality levels may
be experiencing a different degree of well-beingataling on the frequency and size of

household equivalent income drops.

There is still little evidence on the impact of tBeeat Recession (GR) on disposable income
mobility. Jenkinset al. (2013) have shown that, even if the response g@i@yment to the fall

in Gross Domestic Product (GDP) has been genesaibller during the Great Recession than
in previous crisis, in some countries such as meléspain, and the US it has been unusually
large relative to the fall in output. This papevastigates how and for whom the first years of

the recession have had a significant effect onnmemstability in two of these countries. Our



main contribution to the literature is to extendk tampirical evidence within the income
volatility approach to measuring economic insegudtguing that, during a deep recession
period, it may not be general volatility but actiratome losses that are most likely to shape

individual's economic insecurity perceptions.

During the recession, both the US and Spain hayereenced very large drops in Gross
Domestic Product (GDP) and Spain is the developeE@ country where income inequality
has grown the most (OECD, 2014). Job losses innSgiace 2007 have been outstandingly
large and have multiplied the unemployment ratealfpctor of 3 while in the US they have
been larger than in the average OECD country amichglthe worst period of the crisis (2007-
2009) unemployment doubled. In the US, howevernéfvthe drop in GDP was similar to that
in Spain and unemployment was growing, income iabguwas quite stable given that,
differently from the Spanish case, income growths g&rongly pro-poor. In a more general
framework, both the US and Spain are of particliderest regarding the dynamics of
household income. In the US individual economiemsity linked to the prevalence of income
losses has been proved to have grown importantithénlast decades (Hacker et al. 2010;
Dynan et al., 2012). Spain has traditionally bemtified as a country with particularly volatile
disposable household incomes (Canto, 2000; Ayalh @astre, 2008; Van Kerm and Pi
Alperin,2013) and, even if to the best of our knesge no approximations to the measurement
of economic insecurity for Spain have been made Kerm and Pi Alperin (2013) show that
before the crisis the proportion of population tgsmore than 25 percent of income in a year’s
time in Spain was the highest in Europe (out ofaug of 26 countries) while mean of relative

income growth was very high too (the highest witthiea EU-15).

Our methodology focuses on the analysis of incayaed and makes use of longitudinal data on
incomes and individual and household charactesigtiom two comparable datasets: the Panel
Survey of Income Dynamics (PSID) for the US andEkeSILC panel for Spain. In a first step,
we compare the dimension and nature of income il calculating a variety of income
mobility indices and Income Mobility Profiles (Vaterm, 2009). Subsequently, to measure the
dimension of insecurity we classify individuals esonomically insecure if their disposable
household income has dropped significantly duringgva year period. We then characterize
those that are more likely to suffer an income lpgestimating the probability of experiencing
an income change versus remaining at a relativiglifas level of income or suffering from an

income loss versus enjoying an income gain.

Using an income instability approach we can incoaj country-specific differences that play

as household income stabilizers through tax-berglicies (e.g. unemployment benefits).



However, as in any empirical comparison, some otekvant differences in the institutional

framework are left out of our scope.

The remainder of this paper is organized as folld®ection 2 is devoted to discuss the links
between income losses and economic insecurity peoos and positions our work within the
relevant literature. Section 3 describes our metlomy and details the data used. Section 4
presents a descriptive discussion of the evolutibmequality and intra-generational income

mobility. Section 5 presents our main results #wedast section concludes.

2. Income losses and economic insecurity

As Boarini and Osberg (2014) point out “economiseicurity is about the looming economic
dangers that affect people’s lives in many sphdres, the fear of losing’s one’s job to the
anxiety of not being able to make ends meet” (page In sum, insecurity would reflect the
individual uncertainty about future economic losspdded by either observing what is
happening to others or by the actual occurren@nafdverse event within one’s household (job
losses, death of main breadwinner, salary cuts). &there is no unique agreed framework to
define or measure economic insecurity and thealitee is currently being developed. The
dimensions of insecurity are varied: the actuabme loss, the prospects to find a similar one
(labor market functioning), the value of liquid esssor financial wealth to buffer low income
episodes, the dimension and effectiveness of tkeatal transfer system, etc. Alternative
measures of insecurity focus on either one dimenxb the phenomenon or construct
multidimensional indices that weight the differeimhensions and provide a composite measure

of economic insecurity (Osberg and Sharpe, 2005).

A higher positional mobility implies a higher levef income uncertainty even if structural
inequality is reduced (Jarvis and Jenkins, 1998kids, 2000; Jenkins and Rigg, 2001; Rohde
et al., 2010 or Jantti and Jenkins, 2013). Thisepapvestigates the potential contribution of
income losses to the changes in perceived econmséurity in a period of recession and
focuses on an individual level insecurity measuased on income dynamics. At the aggregate
level we measure economic insecurity by calculativegproportion of population experiencing
an adverse shock in household inflation-adjustadvatent disposable incomeSome other
studies have taken laackward lookingapproach to identify the economically insecurer Fo

instance, Barnes and Smith (2011) consider diffengroxies for economic insecurity:

" In this sense our approach is similar to the RodleeT® Foundation’s Economic Security Index (seecki et al.,

2010). However, we do not consider a spike in n@dipending as a source of insecurity. Clearly, idexv the large
medical expenses in the US when some family meimbesmes ill may be a large source of insecuritywélger, for

a comparison with Spain (and many other Europeamtdes) where medical expenses are extensivelgredvby

Social Security, this issue is difficult to includ@ur results for the US should then be interpreted lower bound
for the dimension of economic insecurity.
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individual's unemployment probability using infortian from the last five years, individual's

probability of experiencing an income loss pushingr beneath the poverty threshold
(considering a 16-year detrended household anmeame) or the number of annual real
income drops that have exceeded a 10 percent. Rleb@e. (2014), instead, use fifteen years of
income information and identify as economicallyeiogre those individuals in households

whose relative income share over time has had atiwegrend.

In contrast with thesbackward lookinganalyses, Hacker et al. (2014) identify as econaltyic
insecure individuals those whose disposable inchasedropped more than a 25 percent while
their liquid financial wealth cannot compensats tbiss in a reasonable ti&loreover, these
authors have shown that the largest contributiotihéolevel of insecurity and its upward trend
in the US is the increasing chance of experientd@nge drops in household income. We argue
that in a deep recession when unemployment is ggpwapidly a large disposable income
decline is the crucial determinant of individuaésonomic insecuritperception. In this vein,
we use income instability in a two year period teasure the dimension of economic insecurity
and to identify the covariates that make an indigidnost exposed to it. Obviously, similarly to
Rhode et al. (2014), we take a narrow definitioinsecurity because we restrict our analysis to
income volatility or mobility as a determinant okecurity and thus ignore other sources of risk
and the heterogeneous capacity of individuals teeicthis risk through the use of previous
wealth® However, we are endogenously taking into accouatrole of two crucial sources of
individual income stabilisation and protection agairisk: the dimension and effectiveness of

the tax and transfer systems and the householdisgiaphic structuré.

These authors also include large increases of mleekpenses as an additional source of econonecumiy.

3 Unfortunately the Spanish dataset does not proaideinformation on individual or household weadth that we
cannot consider incorporating information any coenmntary information on household liquid financisalth that
could proxy the role of liquid financial assetsshaping individual economic insecurity if an incofoss occurs.
Given this restriction, for instance, our measwumemot account for the drop in asset prices duffiegfitst years of
the Great Recession. A more relevant issue, howevérat we are not considering the potentialffedént capacity
of American and Spanish households to use liquidnitial wealth to cover their income losses. It vesn largely
documented, both for the US and Spain, that lowrme households hold a much lower level of finaneigdlth than
middle or high income households (Azpitarte, 202012). Moreover, during a deep recession crediketarare
often unavailable and, in general, household incbasbeen consistently shown to be also posits@iselated with
the access of individuals to credit markets in otdecover any unexpected income shock (Japel®01&empson
1996). In order to measure the potential relevasfceot considering financial wealth or the funciiom of credit
markets on our insecurity measure we will examhee relationship between downward income instabditg the
level of household income in each country. If ins@y is significantly higher for low income housstls we will be
more ready to assume that considering financiaétaser credit options would make little differente our
comparison. If this is not the case we must beamind that our analysis should be complemented witine
information on the distribution of financial wealdly individual and household characteristics irhbauntries.

* However, as D'’Ambrosio and Rhode (2014) report, mbemparing economic insecurity in any Europeamtgu
with the US the consideration of the diversitylie protection offered by the Welfare State agdifestycle risks is
to be acknowledged. Indeed, there are relevantnmametary transfers that are not included in displesemcome, as
D’Ambrosio and Rhode (2014) put it: (when compatting US and Italy) “Americans may need to save naoie: be
richer in order to obtain the same level of seguai$...[their European counterparts]” given that tetients to
health and education services are private in theat/Spposed to most European countries where tigegublicly

provided at a relatively low cost. In any case,calnparisons between countries will have to tak® itito account
given that even within the European Union; there large differences in the actual provision of @erthealth and
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3. Methodology and data sources

3.1 A description of our methodology

In this this section we detail the different metblodies we will use in order to undertake all
our comparative work. In a first step, given thad will measure economic insecurity as
strongly related to income volatility we provide discussion of the advantages and
disadvantages of different measures of income ritphithat could best capture the diffuse
concept of economic insecurity. In particular, vigcdss the interest in calculating some indices
that account for mobility as time independence iandme movement instead of otheis. this
setting we claim that there is a need for some oreabat accounts for income losses avoiding
the consideration of income gains in order to agpinoeconomic insecurity. This leads us to
propose arad-hoc mobility measure that identifies individuals aseaure if their household
income suffers from significant drop. Finally, ugithis identification strategy we study the
differences in the demographic and socioecononmacatheristics of individuals that suffer from
income losses in the US and Spain by estimatingptbbability of belonging to this group
given a set of individual and family characteristamd controlling for the crucial “regression to
the mean” effect. The econometric technique thimwal for an adequate estimation of this
probability is a two-level nested logit model ahe tetails are described in the last part of this
section. A relevant point is that this estimatiomgedure avoids assuming that errors are
independently distributed by clustering similariindual into nests (movers versus stayers and,

within movers, income losers versus income gainers)

3.2.1 Measuring income changes during the recession

If we have a society consisting of N individualsesd the vector of incomes at moment t is
X = (xq,x5,x3, ..., Xy) and the vector of incomes some time later at twb /ears later in our
empirical analysis) i¥ = (y41, ¥, V3, ..., Yn). Any measure of income mobility in this society
will aim to evaluate the main features of the clesnig incomes in these two moments in time.
The literature aiming to analyze household incoypeadhics is large and has proposed many
mobility measures that could be essentially divideth two group$. The first group of

measures focuses on the idea that the main detantrof individual's well-being is her relative

education services so that individuals living iffatient countries (or even regions) would requighbr earnings in
order to be as secure as those living in othersgdneral, the Spanish Welfare State is classifiéthinvthe
Mediterranean/familial Welfare Regimes that aretieddy small and significantly less generous thamtmental
European Regimes or those in place in the Nordiotri@s. In fact, income support in Spain in cassobme losses
is particularly weak. Unfortunately, the differerged for higher incomes in order to cover simikealth entitlements
or educational services in the US and Spain is mogte difficult to assess.

® For instance, we will calculate Shorrocks’ M ind®artholomew’s mobility index, the beta coefficietite Hart
index and Fields and Ok’s main mobility index. Wdl wot consider that indices that conceive mobilits an
equalizer of long term incomes in order to wouldvide further insights to individual economic insgty. We

report standard errors for most of the statistigmrted in the paper by using a standard bootstrgggocedure re-
estimating each statistic on 1,000 samples.

® For a comprehensive and outstandingly completéevewf conceptual and methodological issues reldted
mobility see Jantti and Jenkins (2013).
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position in the income distributibmnd answers the intuitive question on the depearelefithe
current situation on that of past moments. In galnehis approach proposes the use of
measures based on transition matrices and thennattimobility considers the role of individual
re-rankings within the distributionrglative mobility as opposed to changes in individual
income whatever is happening to the rest of theufadien @bsolute mobility The information
provided by transition matrices may be synthesizedvarious indicators that essentially

consider the values in the diagonal. Shorrocks&)L8ynthetic mobility index, for instance, is:

k —trace(A)
M =—=—7

where A is a transition matrix witk income classes. If we have a notion of mobility as
“independence of the origin”, this index’s valuesige between 0 (minimum mobility) and 1
(maximum mobility). Thus mobility is at its maximumhen the probability to move to any
class is the same therefore the value of the matage is one. In the opposite case, all
individuals remain in the same class so that theetis equal to the number of classes and the
index value is zero. A disadvantage of this indicas that it is insensitive to any moves that
take place aside from diagonals. A complementaggxrthat does consider movements out of
the diagonal and incorporates some more informatiaa proposed by Bartholomew (1973)
and measures the “average jump”. Bartholomew’'sxnsi@qual to the number of income class
boundaries crossed by an individual (whether upgvand downwards), averaged over all of

them:

ko k
Mg = Zzpi. pijli — jl
i

wherep;; is the value of the element in rownd columrj andp; is the marginal distribution of

income clas$ in the first year of observation (if the first ttibution is conformed in groups of
an identical dimension then = % ). This is multiplied by the distance betweentilie classes.

Thus, it weights transitions by the number of adasthe individual traverses in the income
movement and then calculates an average. The iisdéxe population average of absolute
changes in fractional ranks (i.e. the individuasigon in the population normalized from 0 to

1). In the complete immobility case it takes théueazero and the higher its value, the higher

the level of mobility (even if it does not have @gper limit).

The main criticisms to this approach are that irasoeing mobility one does not make full use

of the information at the individual level and, time case of the indices based on transition

" This research topic is largely based on the sdmtatistical work by Prais (1955) and Bibby (1975).



matrices, the role of income growth is ignored bseathey only measure re-rankfhgo
amend some of this drawbacks another group of itwleasures, also stemming from an
intuitive idea of the association between origind destinations, use the correlation coefficient,
the Spearman rank or the regression coefficierto@ffinal to log initial income. Measuring
mobility in this way has long been linked with tlikea of equality of opportunity (and often
also to the intergenerational transmission of athgs) and one of the most commonly used

indicators is the estimated beta coefficightif a linear regression such as the followihg:

Iny; = a+Blnx; + ¢

A natural mobility index would then bd & ). A similar idea is captured by the Hart index
(Myare) Which is formulated as the complement of the elation between different period’s
income (measured in natural logarithms). In theresgion reported by Shorrocks (1993) this

index is expressed as:

Mpare =1 — p(Inx,Iny)

where p is the correlation coefficient. Jantti and Jenk{@®13) underline thap is a more
suitable index thaf§ as an (im)mobility index when undertaking crosseral comparisons
given thatp controls for differences in marginal distributidfislantti and Jenkins (2013) note
that a similar index t@, the Spearman rank correlation coefficient hasattheantage of fully

controlling for marginal distributions and thus fissing only on positional change.

In any case, for many, economic insecurity is nadran absolute concept than a relative one so

using an alternative methodology proposed by Fialuts Ok (1996, 1999) makes the most of

8 Moreover, if the dimension of categories is refatto each distribution and defined at each monieritme,
transition matrices do not allow for the measuremandirectional mobility. That is, by definitiomia decile
transition matrix the same number of individualsvmapward and downward.

® This modelling was first proposed by Galton in 1&8@rder to study the inheritance of genetic cbmastics and
is obtained from a regression between the initial 8nal natural logarithms of incomes. If the gopf the previous
regression coefficient is less than one we haveéS#leonian regression towards the mean (i.e. onageg the better
paid increase their income proportionally less klyithan the poorer paid, just as a totally spusieffect). In this
setting we rule out the serial correlation in ineoand we also assume that transitory factors asrglefiuctuations
either specific to individuals or a general fludtaa for everyone and thus not due to fluctuatiohsncome that
affect their particular percentile (i.e. no diffaces in the distribution of growth or contractiongercentiles). Also,
population homogeneity of mobility is assumed adl a® the independence of income at timen income before
timet-1 (first order Markov assumption). Note that thipagach conceives mobility as being related to ltome

growth and re-ranking so both absolute and relatiebility contribute to changes in incomes; howeviefocusses
on relative mobility.

' Indeed, this is the case becapse ﬁ%, whereg; the standard deviation of log income in the fppstiod ands,
2
that of the second one.

11 This is clearly an advantage when analysing imteegational mobility. Note that D’Agostino and Danoni
(2009) provide an axiomatic characterization of #pearman rank correlation coefficient as a meastuiexchange
mobility.



the information on individuals’ incomes in time yeasuring mean absolute income growth.
The distance of individual incomes in a given timierval reflects individual income instability
in a way that can be directly associated with inedhactuation, unpredictability and, could be
associated with economic insecurity. The indexehamsthors propose fulfils a set of adequate

axiomatic properti¢$ and can be written:

n
1
Mg = NZUH% — Inx;|
i=

Note that this indicator is the average of the dghorates in individual incomes (weighting all
individuals the same regardless of their base-jrme’?) and both upward and downward
income changes contribute to increase mobility. ikdex can be decomposed in the sum of all
proportional income gains and all proportional imeolosses corresponding to the area under
the “non-anonymous GIC curves” (Grimm, 2007; Bouggon, 2011) or Income Mobility
Profiles (Van Kerm, 2009}*

3.2.2 ldentifying directional income changes: ineolasses versus income gains

We believe that income volatility is likely to bead proxy of individual income insecurity and
an absolute concept of mobility appears adequatadasure it. However, in Fields and Ok
setting both income gains and losses contributéhéoaverage income growth within each
percentile, so that the number of individuals witla particular percentile that have either
gained or lost income (in different quantities)nist explicitly considered once the average
income change is determined to be either negatiymsitive. This is a clearly a problem when
aiming to use income instability as a proxy of indual insecurity perceptions (as opposed to
any aggregate social economic insecurity measérayay out of this problem is to identify
who in the population has effectively experiencadirccome gain or loss and evaluate their
relative dimension in society or within the popidat with different levels of disposable
income. For this purpose, we classify individuasraobile” if their income change between in

a period of two years is larger than a given tholsfconstructed as a percentage of their initial

12 One attractive property of this index is thatlioas for a consistent additive decomposition iti@ components
which can be interpreted as total social utilityedio growth and total social utility due to tramsfeThe first
component is an indicator of individual income gtovthat for a growing economy (i.E.y; > Y. x;) is defined as

G= %2?:11113/1- —Inx; while in a shrinking economy (i.&,y; < Y. x;) it would be G= %Zﬁﬂnxi —Iny;. The
second component is the dimension of mobility imt on changes of income caused by transfers betwee
individuals and can be defined as twice the amdnsitby the losers (and, at the same time, wonhbywinners;

because income lost by a loser is always gainetl\iyner).

13 In fact, as Van Kerm and Pi Alperin (2013) undesli these measures consider a change from 1000t@d5
identical to a change from 1000 to 1500.

¥ In their recent work, Demuynck and Van der Gad¥1@®) have provided some measures that allow for the
consideration of the dimension of the income changkling on Fields and Ok (1999) by incorporatthg aversion

for inequality of growth rates and allowing for féifent weights depending on the dimension of thangk in
individual income. This generally implies assumsmme aversion to the inequality of growth rates ibugs not
straightforward that this is a better option thdaveing for some weights related to the individdadtributional rank

in the first period as Jenkins and Van Kerm (20diuiggest (pro-poor growth) in their class of measuHowever,

still few advances have been made to provide eogpiresearchers with measures that incorporateriaaeference
dependence and loss aversion into mobility measures
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period’s equivalent income level); otherwise they labelled as “stayers”. Subsequently, those

who are “mobile” are fatherly classified into up@ar downward mover.

As noted earlier, we are not only interested in sneag the dimension and the distribution of
income losses during the recession, we also wanteatify the main demographic and
socioeconomic characteristics of those individeedgeriencing income losses: Has age or the
level of education a different role in predictirmgptprobability of suffering an income loss in the
US and Spain (e.g. youth or population at childipgarage vs. mature and old-aged
individuals)? Do males face different income log®spects than females in these two
countries? Are families with children in a worstsfiimn than other households in terms of
economic insecurity in both countries? To answes¢hand other relevant questions we model
the probability of experiencing income an incomarae by estimating a nested logit two-level
model following a similar econometric strategy twtt in Cant6 et al. (2012).The main
advantage of using this technique versus estimatimgultinomial logit is that it allows the
errors of the two alternatives (being a stayer oroaer and moving upwards or downwards) to

be correlated.

We consider that any individual who experiencesegnivalent income change of 10 or 25
percent between two moments in time is a “movethdovise a “stayer”). In a first level of
estimation, individuals can be movers or stayédra is the possibilities are only twam = {1,

2}. In a second level, those who actually more= 1) can move upwards or downwards and
therefore can belong to two further groups: upwaavers, downward movers, that js; {1,

2}. The remaining option at this second level £ 2) only considers the possibility of being

immobile so that we make no other distinctions. sfhithe probability that some individual in

the population will suffer from an income loss gain) is p,; :

Al exp\x B, /A
Pij = PuX Py, = 2exp(11) X p(ﬁlj 1)

> elida) 3la.a)

k=1

where p, is the probability of being a mover and Whep%is the probability of moving r

downwards (or upwards)j)( conditioned on being a mover. In this last expogss

2
Imzln{Zexp(x',[)’mk/)lm)}, X is the vector of individual characteristics3mk are the
k=1

parameters associated with typologyy A..is the dissimilarity parameter that allows for

adjusting for the correlation of the errors of widuals in the same group. In our particular case

15 See Hensher et al. (2005) for more details on toma@metric estimation of these models. Nested logidels
relax the assumption of independently distributadrs and the independence of irrelevant altereatimherent in
conditional and multinomial logit models by cluster similar alternatives into nests
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one branch (being a stayer) does not have any @ihtber options so it is degenerate and its
dissimilarity parameter is equal to 1. If the othlmanch’s dissimilarity parameter is not
significantly different from 1, then the correlatiof the errors would be zero and the model
could be estimated using a multinomial logit. Hoe ttorrect identification of the model we
must choose a reference alternative (e.g. beimand mover) and fix its coefficients equal to
zero, so we can estimate the probability of experieg an income loss as opposed to
experiencing an income gain. As explanatory vaesloh our regressions we have included both
individual and household covariates: gender, ageellof education achieved, individual job
attachment (never worked, in work before incomeppeal, in work only after income dropped,
working at both moments in time), household dempigi@ structure (percentage of children
below 3, between 3 and 6 or between 6 and 18 ydarge, percentage of household members
over 65 years of age), the household attachmettieedabour market (number of household
members over 25 years of age that are in worktlaagosition of household equivalent income
in the distribution (household disposable incomecegatile) to control for the relevant

“regression to the mean” effects.

3.2 Data sources

Our data for the US come from the Cross NationaliEdent File (CNEF). These data are
based on the information from the US Panel Studpadme Dynamics (PSIDf.The CNEF is

a multinational longitudinal micro-database disitéd by Cornell University that provides
nicely harmonized survey information for a varietly world panel datasets. In particular, it
contains information on post-tax post-transfer lebadd income for the US that is largely
comparable to household disposable income elsewhdiiee data for Spain come from the
Survey of Income and Living Conditions (EU-SILC Igitudinal Survey), a four-year rotating
panel survey that has been running since 2004 farge number of EU member countries. By
using CNEF and EU-SILC we can be most sure thathmain variable (equivalent household
disposable) is largely comparable. Unfortunatelying CNEF data implies a delay in data

delivery that has prevented us from comparing botmtries in the period 2008-201%0.

Household disposable income is the sum of the coemts of gross personal income for all

household members minus taxes and social secuittributions (employee and employer).

16 The Panel Study of Income Dynamics (PSID) is ajitomlinal panel survey of American families, contutby
the Survey Research Centre at the University of Mehisince 1968. The information of the first regem and
their descendants has been collected continuousljiuding data covering employment, income, wealth,
expenditures, health, marriage, childbearing, oiiddelopment, philanthropy, education, and numeotlisr topics.

7 For more details on this dataset see Burkhaus#r €X001) or, more recently, Frick et al. (2007).

18 An option here would be to use the information éspdsable income from the Survey of Income and farog
Participation (SIPP). However, the SIPP data orsbbald incomes are recorded monthly from individyusrterly
interviews while the EU-SILC and the PSID longituairsurveys rely on annual interview information twin
annual record. Moreover, as Hacker et al. (2014@ tlre SIPP short term panels have a large gapd8 and miss
the spike of job losses in 2008.
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For the US our household disposable income meadstHousehold Post-Government Income”
which is post-tax, post-transfers and sums all ébaolsl members’ labor and self-employment
earnings, flows of income from financial assets pedsions, private and public transfers, the
imputed rental value of owner-occupied housing amg other income sources minus taxes and
employee social security contributiofiszor Spain we use a very similar post-tax, posister
income measure. Household income in this casedaslecash or near-cash employee income,
non-cash wage income, profits or losses from sa[fleyment (including intellectual property
rights), interests, dividends and capital gainanfrmvestments in companies, imputed rent
(minus mortgage interest payments and property, taxlue of goods produced for own
consumption, unemployment benefits, retirement ip@ss survivors pensions, disability

pensions, regular monetary transfers between holdsehnd income from educational grants.

Both the PSID (and thus the CNEF) and the EU-SIu@eys collect information on individual
and household incomes during the calendar year fhr@interview at which demographic and
socioeconomic information are obtained. Howevergesil997 PSID data are only available in a
biennial pattern, at the time of writing the latestveys available for the US are: 2005, 2007
and 2009 (i.e. incomes of 2004, 2006 and 2008 daleyears). Therefore, our analysis on the

comparison of both countries will focus mainly te period from 2004 up to 2008.

Since the same level of household income may leadifterent levels of living standards
depending on household size and composition, tlyeweachoose to correct these differences is
standard. We use an equivalent scale (OECD - neadédquivalence which assigns a value of 1
to the first household member, of 0.5 to each auidit adult (15 or over) and of 0.3 to each
child aged 14 or younger) so that individual egl@mt disposable income is total household
income divided by the household corresponding facto addition, as it is usual in dynamic
analysis the income distribution tails are trimnfiedrobustness, 1 percent of the observations
at each tail are dropped and data are then a flalasample of those annual distributions
(Cowell and Victoria-Feser, 2006). This impliesitgsapproximately a 5 percent of the Spanish
sample and a 10 percent of the US one. Furtheabalblute values of incomes for the US are
expressed in constant 2011 dollars using the CBf-the Bureau of Labor Statistics and for
Spain they are expressed in 2011 euros using theubeer Price IndeXr{stituto Nacional de

EstadisticalNE) making income of different years directlyngparable.

19 Household income was computed as the sum for aiséhold members earnings (wages, salaries, afd sel
employment income), income from interests and érdk, rents, royalties, estate, and trust incomatirement
pensions, veterans' payments, survivor pensiossbiity pensions and annuities, realized capitahg (losses),
educational assistance, child Support, alimonyleegcontributions from persons not living in theusehold, money
income not elsewhere classified, unemployment cosgitéon, workers' compensation, educational assist
imputed return to home equity on owner-occupiedsiay The taxes deducted include Federal incomestagter
refundable credits except EIC, State income taxésr afl refundable credits, Payroll taxes (FICA aoither
mandatory deductions).
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Some differences in the structure of the surveydyirthat there are some limitations in their
comparability. The main differences are centerethe definition of a “household” and the
two-year attrition. The definition of “householdi both surveys is not identical and this may
affect the value of our main income indicators wistimating individual living standards. The
EU-SILC survey defines “household “as the persogroup of persons who live together in the
same house and consume or share food and othes gaddr the same budget. In contrast, the
definition of “household” in the PSID is similar tbat of the Current Population Survey (CPS),
it includes persons related by blood, marriage dwp#éon, thus including those who have
parenting relationship, co-singles (the oppositg sed other related persons (can be the same
sex). In turn, it does not consider as “householddividuals who are unmarried partners or
foster children. In this setting the dimensiontod thousehold” will be expected to be larger in
the Spanish survey in comparison with the US oseds an effect of the survey’s definition.
The expected consequence of this difference onmm@in income variable is that we will be
assuming larger economies of scale in Spain thaheilJS for those households where blood

non-related individual cohalft.

A further difference between both surveys is thmatision of attrition between the two
moments incomes are observed. The Spanish surveltained from EU-SILC longitudinal
Survey and is a four-year rotating panel so onetguaf the sample is dropped each wave and
this is to be added to natural panel attrifibhe PSID sample suffers only from natural
attrition but no individual or household is dropphte to panel structure. As one would expect
attrition is even larger in the Spanish sampleng# ases a biennial structure of the panel. In fact,
in a biennial panel between 2006 and 2008 one wbs&7 percent fewer individuals than if the
two moments in time were distant one year only 28tead of 2008Y. However, the Spanish
Statistical Office provides us with longitudinal iglets in order to take into account the
potential bias that a rotating panel and natutakiah may impose, we use these weights in all

calculations?

20|n order to check the relevance of this differemeehave avoided assuming any economies of scatetsidering

that “per capita household disposable income” isdequate measure of individual living standards.\&ve found
that results are largely robust to this change.hatee also checked the robustness of results tg tisensquare root
of the number of household members instead of afreddDECD equivalence scale.

2L According to the Commission Regulation on sampling &mcing rules (EC No 1982/2003, §7.4%yeighting
factors shall be calculated as required to takeiatcount the units’ probability of selection, n@sponse and, as
appropriate, to adjust the sample to external dafating to the distribution of households and p&rs in the target
population, such as by sex, age (five-year age ggpthousehold size and composition and region @lUTevel),
or relating to income data from other national soes where the Member States concerned considerestiemal
data to be sufficiently reliablé&See Eurostat (2010) for more details on EU-SIL@itudinal weights.

22 See Tables Al and A2 in the Appendix for details.

23 We have checked that our main results for Spainhsid using a one year panel even if we are lmab make
any comparisons with a similar time span for thedil&n the biennial interview structure of the PSID
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4. Income inequality trends and intra-generationaimobility in the US and Spain

4.1 Explaining recent inequality trends in two “hignequality” developed countries

The level of inequality of disposable income in thaited States has been traditionally high in
comparison with that observed in many other dewdopountries and higher than the OECD
average. This appears to be a result of a probassas been taking place since the early 1980s.
One of the main characteristics of the US inconstrihution is the large distance between the
bottom and the top driven by the growing sharepfihcome recipients in total gross incoffie.
Spain, has also traditionally been within the grofigleveloped countries with a high level of
disposable income inequality but the distance betwbke bottom and the top of the distribution

seems to be driven more by a significant differdmegveen the bottom and the rest.

Figure 1. Inequality trends in the US and Spain (Pe-tax-transfer and Post-tax-transfer

Gini index).
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Source: OECD, StatsExtracts, information extraate@dtober 2014.

As depicted in Figure 1, post-tax and transferguiadty in the US is persistently higher than in
Spain even if the Great Recession seems to havéttaeffect on it until 2016 Since 2005,
US inequality has been remarkably stable and ¥ ordreased in the last two years scaling to
the fourth position within highest of the OECD, yhklow Chile, Mexico and Turkey (OCDE,

241n 2012, for instance, the S90/S10 ratio showstti@average income of the richest 10 percen6itres that of
the poorest 10 percent, while the OECD average s Moreover, in the last decades the share of nopme
recipients in total gross income in the US has greignificantly, more than anywhere else in the OE@i2 share
of the richest 1 per cent in all pre-tax income enthhan doubled since 1980, reaching almost 20 pexfetotal
incomes in 2012.

%5 Household market incomes in the US grew in the528008 period and then fell a 5% in real terms leetw2008
and 2010. This fall is slightly larger than the OE@&rage (4.2 percent) and also larger than tigédtezed in Spain
in the same period when net national disposableniecfell a 3% (OECD, StatExtracts).
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2014). In contrast with the US, Spain has been @G&CD country where gross income
inequality has had the greatest increase sinceuti®eak of the crisis: the Gini coefficient of
market income has increased eight points, comparéue five points registered in Ireland and
Greece or three points in Estonia. In terms ofaBgple income Spain has also been the country
where inequality has grown more (four percentagatppand, as a consequence, it is now
Eurozone country with the highest level of ineqyalithe Gini index has reached 0.344;
significantly over the OECD mean, 0.31 that yedhis negative evolution of inequality in
Spain has been essentially the result of a largp urthe incomes of the poorest (a large jump
upwards in pre-tax and transfer incomes that folitld cushion in the taxes and transfers
system) that has made the average income of thestidecile be 14 times that of the poorest
(Ayala, 2013y°

In order to link income inequality trends to incommbility patterns, we have constructed
Growth Incidence Curves (GI&)and we have decomposed inequality changes intaiac
growth and re-ranking drawing on the methodologyppsed by Jenkins and Van Kerm (2006).
Subsequently, we also calculate income mobility snezs and check the role of income
instability at different points of the income dibtrtion by constructing Income Mobility

Profiles, a particularly useful graphical devicegrsed by Van Kerm (2009).

Our results on biennial household income inequaligng longitudinal data sources are
consistent in their trend with cross-sectional itssan inequality elsewhef&. Indeed, they
show that during the first years of the crisis, tgag and transfer income inequality was
increasing in Spain while in the US it was stahidhad a slightly falling trend (see Table 1).
Growth Incidence Curves (GIC) in Figures 2 and gg®st that the increase in income
inequality in Spain when mean disposable incoma® vadling is related to a relatively larger
drop in the incomes of those at the bottom of tistridution making the GIC curve have a
clearly positive slop&’ On the contrary, in the US the small decreaseequality is related to a
relatively larger improvement in the incomes of gfeor compared to those of the rest of the

population (pro-poor growth) making the US GIC auhave a pronounced negative slope.

However, as Jenkins and Van Kerm (2006) underfi@esater equality in final year incomes is

guaranteed only if the pattern of income growthsdoet lead to re-ranking of individuals

%6 |n fact, from 2007 onwards the income inequaligntls in Spain are quite different from those intaar bubble
bust European country such as Ireland. Even ifi Insusehold disposable income fell 2 percentagetpaiore than
in Spain in the three years following the beginnaidhe crisis; the distributional impact on poohauseholds and
thus on inequality was substantially differentlie two countries. The evolution of the S90/S1Mrakiows that the
average income of the richest 10 percent growsiglyan Spain and in 2011 is almost 14 times tHathe poorer
10% while in Ireland this ratio falls between 2Ci@l 2011 and reaches a much more modest amount.of 7

%" The GIC curve shows the rate of income growth effith quantile of the distribution. The distribuii impact of
growth is thus represented through the inverse@ttimulative density functions.

28 The Gini index for Spain (v=2) is slightly lowerah those obtained using cross-sectional EU-SILC. data

29 Growth Incidence Curves (GIC) were proposed by Rarakind Chen (2003).
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between the two years that is sufficiently largeoftset the progressive income growth”.
Decomposing inequality changes into a pro-pooraesisa re-ranking component (see Table 1)

allows us to explain how mobility contributes tdfelient inequality trends.

Table 1. Income inequality change (Gini coefficientand its decomposition, Spain and the
US (2004-2010)

Period 2004 -2006 | Period 2006-2008 | Period 2008 -2010
0.313 0.357 0.289 0.382 0.293 -

Initial Gini
(0.002) (0.003) | (0.002) (0.003) | (0.002)
. o 0.300 0.384 0.294 0.363 0.313 -
Final Gini
(0.002) (0.003) | (0.002) (0.003) | (0.002)
o -0.013 0.027 0.005 -0.020 0.019 -
Change Gini

(0.002) (0.003) | (0.002) (0.002) | (0.002)
0.107 0.087 0.097 0.076 0.102 -
(0.003) (0.003) | (0.003) (0.002) | (0.003)
Pro-poorness component | 0.120 0.060 0.091 0.096 0.083 -

Re-ranking component

Source: Authors own calculations using US PSID-CNME# EU-SILC longitudinal data for Spain.
Note: See Jenkins and Van Kerm(2006) for detditte@decomposition of the change in S-Gini. Boatsistandard errors are
obtained for a 1,000 replications and are repdrtddw estimates in brackets.

Results in Figure 2 show that, in the case of Spaithe beginning of the crisis (2006-2008),
negative income growth (income losses) was moreamrated among the poBrlf we check
the decomposition of income inequality trends ims tisountry into a re-ranking and a
progressivity component (Table 1), we consistefithg that what happened is that the re-
ranking component was quite constant but the prornmEss component dropped significantly as
the crisis evolved, therefore re-ranking could oiféet the regressive nature of income growth
and, consequently, inequality increased. In the cfishe US in that period, as Figure 3 shows,
income growth was positive and strongly pro-podre Becomposition shows that in the case of
the US the equalizing effect of this pro-poor griowtew at the beginning of the crisis and the
re-ranking component fell so these two changes niaglguality decrease. In the following
years (2008-2010) Spanish inequality rose even rbecause even the re-ranking component

was stable, the pro-poorness component decreagaficsintly.

%% 1 income growth between two moments in time isatag, as it is the case in Spain, income lossepiar-poor if
they are relatively more concentrated in the higpast of the distribution.
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Figure 2. Growth Incidence Curves (Spain 2004-2010)
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Figure 3. Growth Incidence Curves (US 2004-2008).
Growth Incidence Curve U.S.
differences with respect to Mean of growth rates

S -

0 |

N

o |
SN
g
849 -
3
(o)}
EES
E /’\/J\
<o

o \/\/J“M"\A—\’\\

o

S

T T
0 5 10 15 20 25 30 35 40 45 50 55 60 65 70 75 80 85 90 95 100

Percentiles

2004-2006 2006-2008

Source:PSID-CNEF, author’s own calculations.

17



4.2 What has been the level of intra-generationabime mobility in the US and Spain in past

decades? What is happening during the recession?

The evidence on US income mobility in past decaslésrge even if empirical conclusions are
somewhat mixed. A variety of papers with differergthodologies, income definitions and time
intervals conclude that the level of income moypilit the US for the 1980s and 1990s was
generally below that of other developed countridarkhauser and Couch, 2009; Jantti and
Jenkins, 2013). This would be a result of an alsefaelevant changes in intradistributional
income mobility during the 1960s, 1970s and 19&@sngerford, 1993; Gittleman and Joyce,
1999) and a reduction of the probability of re-riagkduring the 1990s (Hungerford, 2011; or
Bradbury, 2011). Thus, for the US most relative ifitgkindexes are significantly smaller in the
1995-2005 decade than in previous times, suggesitatgnterpreting mobility as a change in
the relative position of individuals in the incorseale, disposable incomes in the US are more
stable now than they were befofeHowever, if one chooses to use measures that iwence
mobility as the absolute distance between indiidluzomes at two moments in time (clearly
more associated with an idea of mobility as ecowsamsecurity, Fields and Ok, 1999), there
has been a significant increase in the variancgispfosable US household incomes while the
probability of re-ranking was diminishing. Thusprin an absolute point of view, disposable

incomes in the US are now less stable than theg imgorevious decadés.

In the Spanish case, Cant6 (2000) and Ayala anleS@908) have reported that in comparison
with other developed countries, income mobilityenpreted as a change in the relative position
of individuals is relatively high. The occurrencé changes in relative position in the
distribution grew during the second part of the@®8ell slightly at the beginning of the 1990s
during a short recession and increased back agdheilast years of that decade. However, in
contrast with the US, household income varianceinstability in Spain appeared to be
continuously falling towards the end of the centuriftle is known about the impact of the

recession on mobility in Spaff.

To provide a sound comparison of income mobility ttee US and Spain we have calculated

transition matrices and a variety of income mopiiibdicators theoretically introduced in

31 Also, interpreting income as a way of equalizingdmes in time more than as a change in the relatsition of
individuals in the income scale, recent evidenc8ayaz-Ozturk et al. (2012) shows that mobility fre tUS was
largely stable until the mid-80s, then grew urité £nd of the last century and fell and subsequeptLintil 2006.

32 This implies that the individual perception of fleeel of economic insecurity has grown. In factame literature
on the growth of income volatility in the US hasexged in the last decade showing that this seerbe the case
(see for instance Hacker et al., 2010).

33 Some preliminary evidence on Spain in Barcena antbNR013) appears to suggest that together wihath in
mobility interpreted as a change in the relativsitian of individuals, income instability has alis@reased.
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section 2.2. Results appear in Tables 2 affdR&garding the dimension of income mobility our
first results suggest that mobility as positionahrge is larger in Spain than in the US both
before and during the crisis: Shorrocks’ M indexd aBartholomew’s mobility index are
consistently larger in Spain than in the US. Conmgaour results with previous evidence for
these countries it appears that the recessiondpsgems to have either maintained or pushed
the level of positional income mobility slightly wawards®®> Further, if an income change
occurs, its dimension is somewhat smaller thanrbefee recession in any of the two countries:

the value of Bartholomew’s index drops.

Table 2. Income Mobility in the US and Spain (200£010)

Period 2004 -2006 2006 -2008 | 2008 - 2010
Spain us Spain us Spain | US
0.816 | 0.751 | 0.791 | 0.731 | 0.791
Shorrocks M index (0.005) | (0.005) | (0.005) | (0.005) | (0.006)
1.292 | 1.595
(0.015) | (0.019) | -

1.734 | 1.375 | 1.633
(0.021) | (0.017) | (0.020)

0.400 | 0.308 | 0.445 | 0.280 | 0.482
(0.009) | (0.008) | (0.012) | (0.008) | (0.015) | -

Bartholomew's Mobility Index

Hart (1976) mobility index

0.359 | 0.245 | 0.335 | 0.225 | 0.308

(0.006) | (0.004) | (0.006) | (0.004) | (0.005) | -
Hart Index with Spearman no weights

0.370 | 0.370 | 0.526 | 0.207 | 0.493
Beta Index (1-B) (0.011) | (0.010) | (0.015) | (0.010) | (0.023)

Source: Authors’ calculations using US PSID-CNEH BW-SILC longitudinal data for Spain.
Note: Bootstrap standard errors are obtained,fQlreplications and are reported below estimatbsackets.

Similarly, if one conceives mobility as the asstorabetween origins and destinations we find
the correlation of individual income between twomamts in time, mobility is also sensibly
larger in Spain than it is in the US suggesting thare is more time dependence of incomes in
the US (both using the correlation coefficient oiSpearman rank correlation coefficient).
Interestingly, the experience of both countriesirduthe recession appears to be different. In
Spain income in moment t is less correlated wittt &f moment t-1 during the recession than it
was before, while this is not the case in the UBer&fore, mobility conceived as income
instability grows in Spain and falls slightly inetHJS as the recession evolves, even if rank

mobility is falling in both countries.

3 See also detailed transition matrices in the AdpeTable A3.

% This implies that the probability that individualsange decile drops as the recession evolves.
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Table 3. Absolute income mobility, Fields and Ok (@96, 1999), US and Spain (2004-2010)

2004 -2006 2006 - 2008 2008 - 2010
Spain us Spain us Spain us
Total Mobility: 0.376 | 0.398 | 0.365 | 0.375 | 0.401
(0.004) | (0.005) | (0.005) | (0.005) | (0.006) -

Transfer component: | 0.303 | 0.353 | 0.336 | 0.334 | 0.341
(0.006) | (0.007) | (0.009) | (0.007) | (0.009) -

Growth component: | 0.073 | 0.045 | 0.029 | 0.041 | 0.060 -
(0.006) | (0.006) | (0.007) | (0.006) | (0.008)

Source: Authors’ calculations using US PSID-CNEH BW-SILC longitudinal data for Spain.
Note: Bootstrap standard errors are obtained®®8 replications and are reported below estimatésackets.

Considering an absolute concept of mobility anduging on the dimension of individual
income changes, the Fields and Ok’s mobility indbaws that both countries have a similar
level of mean absolute growth (or absolute distaotandividual incomes between two
moments in time) (see Table 3). In fact, mean atbsajrowth is surprisingly similar in both
economies, meaning that, even if positional mgbiéind time independence is consistently
larger in Spain than in the US, total individuatome volatility is quite similar. Absolute
mobility trends differ in both countries becauseha US index falls while the Spanish one has
a stable trend at the beginning of the crisis batdases from 2008 onwards. This suggests that
from an individual point of view, the absolute dimsen of mobility or income instability is
growing in Spain and falling in the US. Decomposthg index into a transfers and income
growth component suggests that, in both counttles,role of transfers from one person to
another is much larger than that of economic graavthontraction (ninety percent of absolute
income growth comes from income exchanges betwadiiduals not from income growth or

contraction).

In order to consider mobility patterns along theolghincome range we complement the
previous decomposition results with some Income iltglprofiles that track the fortunes of
the same individuals over time and present themlargely self-explanatory graphFigures 4

and 5 plot income mobility profiles for the US aBfain and show that they are all negatively-

3¢ We have constructed Income Mobility profiles bycaating the mean income growth for individualsargiven
percentile. In the x-axis we rank individuals bithposition at the first period and on the y-awis plot mean
income growth for their first period percentile.iJ s intuitively similar to what Van Kerm (2009j)gposes as a non-
anonymous measure of income mobility. The mobpityfile plots the expected individual mobility cotiohally on

a person’s position in the base period distributionother words, separate mobility levels arenested for each
position in the initial income distribution, ancethesulting mobility profile is plotted to obtain avocative picture of
the repartition of mobility levels across differgrarts of the distribution. In our case we repldeaquartile function,
for a inter-quantile mean of log growth function.
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sloped”: during the crisis individual income changes ithbeountries have been progressive so
that the lower the percentile an individual is fdun be in the first year, the larger the expected
income growth she will achiev& However, given the impact of “regression to theaniethe
most interesting message from these profiles is thayeneral, slopes are significantly steeper
in the US than in Spain, so income growth is moreggessive there. Moreover, income
mobility profiles’ slopes tend to decrease in Spagnthe recession evolves while the opposite
seems to be the case in the US, at least up to. 7BARB, as the crisis persists, and contrary to
what we observe in the US, the progressivity efedandividual re-ranking in Spain has been
consistently fading away. Note however that thigadicularly visible in we compare results for
2006-2008 with those for 2008-2010, unfortunately have no information for the US to

compare them with those for Spain.

Figure 4. Income mobility profiles (Spain 2004-2010
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Source: ECV, author’s own calculations.

37 Recent evidence on the UK shows that these prafilasalso be negatively sloped (Jantti and JenRD3).

% Note here that, as the authors explain, the negatiope of the Income Mobility Profiles could kardely
determined by the “regression to the mean” effedhsat the main interest of these plots is theudision of changes
in the position or in the curves’ slopes.
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Figure 5. Income mobility profiles (US 2004-2008).
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Source: PSID-CNEF, author’s own calculations.

5. Income gains and losses and the demographic asdcioeconomic characteristics of the

downward mobile

Our previous results seem to suggest that if wovolan income volatility approach to
measuring insecurity, social income insecurity ngithe recession would have fallen given that
relative mobility is smaller. However, relative nilith measures do not consider the actual
individual experience of income changes. Indeedyadiave also seen in the last section, the
dimension of mean absolute income growth has iseg#n Spain while relative mobility was
falling. As we have previously argued, an incomktility approach is a good approximation to
the measurement of economic insecurity as longt @sptures the dimension of individual
income losses instead of a summary of income iigyalm a given society. We believe that
individual losses or gains are most likely to bemhg individual's economic insecurity
perceptions. In this section we focus on absolubdility and directional changes in incomes
(upward or downward) and argue that they providevemt information on the contribution of
mobility to economic insecurity perceptions. Thimsprder to account for this contribution we
calculate the prevalence of income losses andieealso characterize individuals more likely

to suffer a downward income change in the US aradnsgnd compare them.

4.1 How much upward and downward mobility is there?
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Results on upward and downward mobility are preskim Table 4 and indicate that in both
countries slightly over 2/3 of the population exeeced some income change over a 10% of
their previous income and almost half the populagrperienced an income change of a 25% in
any two year period. In this simple approach theettision of the impact of downward income
mobility on society would be the ratio between thenber of individuals who experienced an
income loss and the whole population. As we can #Hee relevance of income losses as
opposed to income gains is approximately half béfuctuates importantly depending on the
period of time. In Spain, the largest incidenceirmfome losses on the population occurred
between 2008 and 2010 (41.3 percent of the populatiffered a fall of 10% and 27.5 percent
suffered an even larger one of 25%) while, intémgst, during the first years of the recession
the number of downward moves had been remarkafijasito that of a couple of years earlier.
In the US, the largest incidence of income lossesiwed just before the crisis (39.1 percent of
the population suffered a fall of 10% and 26.5 petcsuffered an even larger one of 25%)
while in the first years of the recession a langercentage of individuals in the population had

income gains instead of income losses.

Table 4. Movers upwards and downwards and stayer$)S and Spain (2004-2010)

Period th)04 -2006 2906 -2008 2(?08 - 2010
Spain us Spain us Spain us
Change of income 10%

Movers 76.21 74.56 73.66 73.67 73.39 -
Upward movers 43.21 35.45 42.96 38.80 32.04 -
Downward movers 33.00 39.11 30.69 34.88 41.36 -

Stayers 23.79 25.44 26.34 26.33 26.61 -

Total 100.0 100.0 100.0 100.0 100.0 -
Change of income 25%

Movers 49.22 50.27 46.44 47.27 47.20 -
Upward movers 29.05 23.19 27.25 25.40 19.70 -
Downward movers 20.17 26.54 19.20 21.87 27.50 -

Stayers 50.78 49.73 53.56 52.73 52.80 -

Total 100.0 100.0 100.0 100.0 100.0 -

Source: Authors’ calculations using US PSID-CNEH &BW-SILC longitudinal data for Spain.

Accounting for the contribution of income mobilitp economic insecurity using an income
volatility approach that captures the dimensionirafividual experiences we can see that
downward income changes only increase in Spainewhilthe US they are constant or even
decrease in the first years of the crisis, thisdasistent with the results from Fields and Ok

mobility index that showed an increase in absadiuteme changes for Spain in the 2008-2010
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period. Thus, using the prevalence of income losses proxy for economic insecurity we
conclude that during the first years of the re@@ssbciety’s income insecurity levels were quite
stable in Spain and even fell slightly in the USorik 2008 onwards, insecurity levels have
grown significantly in Spain increasing the numbédownward moves in more than a 30%
(the number of individuals suffering a 25% downwamave changed from 19.2 to 27.5).

Figure 6. Percentage of “stayers” by initial periodpercentile (2006-2008).
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Source: EU-SILC and PSID-CNEF, author’s own calculations.
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Figure 7. Percentage of Downward Movers by initiaperiod percentile (2006-2008).
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Even if income insecurity is constant or decreasinthe social level during the early years of
the crisis, we know that the experience of indiaiduwith different demographic and
socioeconomic characteristics is diverse. For st xploratory analysis on the distribution of
income losses and gains in these two societiesave plotted the percentage of stayers (its
complement is “movers”) and downward movers byiahincome percentile in four graphs (see
Figures 6 and 7). The first two show the percentafgstayers (or movers) out of the total
population (considering an income change threslwdld0 or 25 percent respectively) by
household’s disposable income percentile (at iniieriod). Results suggest that in both
countries the probability of experiencing a sigrafit income change (being a mover) is larger
for individuals below the median than for those rothee median. Income changes are slightly
more common in Spain than in the US for individuateated below the median. Nevertheless,
from the median upwards, income changes are maneom in the US. In fact, the probability
of experiencing a very large change in incomes éntioan a 25 percent) does not change much
in Spain if initial incomes are above the mediarergas in the US the probability of an income

change continues to increase as income grows e tiast vintile.

The subsequent two graphs separate income losses ifrcome gains by percentile and

country. Results suggest that individuals suffefiagn income losses in Spain at the beginning

of the recession did not come from a position bellogr median but, instead, were most often

situated over that threshold. Income changes tallage below the median are significantly
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more often losses in the case US than in that afnfS@long the rest of the distribution the

relative weight of losses in relation to gainsesysimilar in both countries.

4.2 Who is more likely to suffer from an incomeslasnd may perceive higher economic
insecurity?

As noted earlier, we are particularly interestedidentifying the main differences in the
characteristics of individuals experiencing incdogses in these two countries. This is because,
first, it is a key issue to predict the medium tempact of the crisis on each country’s future
economic outcomes and, secondly, it is essentiatnwhiming to design any effective
insecurity-alleviating policies. Previous evidengeHacker et al. (2010), shows that in the US
the level of economic insecurity has been condistencreasing over the past 25 yedts.
Nevertheless, these authors also point out thaéxkent of this insecurity varies substantially
across the population and those with higher incantk education face the least. In the case of
Spain we have found no evidence on the evolutiothefdimension of insecurity or on the

characterization of those more likely to suffer it.

We select a sample of individuals over 25 yearagef in order to estimate the probability that
individuals suffer from an income loss in the 2@D®8 period. This reduces our US sample to
7,243 individuals (out of 16,562 observations) and Spanish sample to 9,707 individuals (out
of 14,672 observations). In Table 5 we presenttian values of the variables we will use in
our regressions for stayers, downward and upwangemsoln the US, movers in general appear
to be older than stayers while the contrary seemsetthe case in Spain. Movers tend to be
more often out of work in their first interview thatayers in both countries. However, it is
difficult to find large differences in the charatstics of each group looking at the mean value

of their characteristics.

Table 5. Characteristics of Stayers and Upward an®ownward movers
US and Spain (2006-2008)

United States Spain
Period 2006-2008 10% Income change 10% Income chang e
Upward Stay Downward Upward Stay Downward 1
movers ers movers movers ers movers !
Individuals’ characteristics 1
Age groups :
26-35 20.49 20.42 20.90 : 24.18 24.01 25.50
36-45 21.06 23.67 19.77 : 23.93 24.02 22.73
46-55 22.33 26.29 21.28 : 19.56 15.81 19.69
56-65 17.91 18.08 17.15 : 16.14 12.32 15.05

% These authors define an individual as insecunerifincome drops at least a 25 percent of her puswear annual
income and she does not hold enough liquid findmegalth to compensate for this lost income unypli¢al recovery
to pre-drop income occurs or for the following gears (whatever comes first).
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>65 18.22 11.54 20.91 ! 16.19 23.84 17.02
Gender :
Male 46.54 48.35 45.24 : 70.27 69.11 70.82
Female 53.46 51.65 54.76 : 29.73 30.89 29.18
Level of education :
less than high school 15.20 13.99 17.01 : 59.13 53.23 54.70
high school 35.34 34.29 36.20 : 18.56 20.16 18.20
more than high school 49.46 51.72 46.79 : 22.31 26.61 27.10
Work at t :
working 25.81 19.06 34.68 : 37.02 40.80 35.35
out of work 74.19 80.94 65.32 : 62.98 59.20 64.65
Work transitions :
Never at work (t and t+1) 23.16 17.32 29.82 : 34.50 38.62 32.47
Worked at t only 8.83 2.53 2.99 : 11.90 7.05 8.76
Works att +1 2.65 1.74 4.86 : 2.53 2.18 2.89
Always at work (t and t+1) 65.36 78.42 62.33 : 51.08 52.15 55.88
Percentile at t 62.17 60.37 42.70 : 62.01 56.29 43.24
I
Household’ characteristics :
One-person household :
One-person household 18.86 19.13 19.47 : 9.49 10.65 8.91
1
1
% hh. Members below 3 years of age 2.37 2.81 2.36 : 2.07 2.53 2.29
% hh. Members 3-6 years of age 2.56 2.59 2.18 : 2.58 2.43 2.35
% hh. Members 6-18 years of age 10.31 10.50 9.70 : 8.95 7.71 8.02
% hh. Members over 65 years of age 40.06 35.20 41.01 : 16.30 24.80 17.71
% of working individuals in hh. 42.73 45.18 36.96 ! 48.03 43.46 47.71
% hh. Members with more than high 3331 3360 218 | 2091 2584 26.69
school education 1
% hh- Members less fhan high school | 47 99 11.05 13.41 E 5674 5166 51.90
[}
Total 34.4 27.1 38.5 : 30.49 27.29 42.22
United States Spain

Period 2006-2008

25% Income change

25% Income chang e

Level of education

Upward Stay Downward Upward Stay Downward
movers ers movers movers ers movers
Individuals’ characteristics :
Age groups :
26-35 20.07 2151 19.23 : 24.66 23.70 26.74
36-45 19.50 24.10 16.81 : 23.36 24.29 21.81
46-55 21.36 25.05 20.06 : 19.76 17.74 19.53
56-65 19.41 16.42 18.81 : 18.01 12.52 16.60
>65 19.66 12.92 25.09 : 14.21 21.76 15.33
Gender :
Male 46.02 47.82 44.26 : 70.02 69.51 71.68
Female 53.98 52.18 55.74 : 29.98 30.49 28.32
1

28




less than high school 15.03 14.06 19.22 ! 59.58 55.18 53.85
high school 36.31 34,51 36.45 : 18.36 19.14 18.59
more than high school 48.66 51.43 44.33 : 22.07 25.68 27.56
:
1
Work 1
working 26.51 21.26 41.07 : 27.39 37.85 36.14
out of work 73.49 78.74 58.93 : 72.61 62.15 63.86
Work transitions :
Never at work (t and t+1) 23.68 19.20 34.95 : 34.81 35.70 32.82
Worked at t only 11.35 2.86 3.59 : 12.78 7.90 9.54
Works att +1 2.83 2.06 6.12 : 2.81 2.14 3.32
Always at work (t and t+1) 62.14 75.88 55.34 : 49.60 54.26 54.32
Percentile at t 63.11 59.29 35.81 : 62.82 56.42 37.36
I
Household’ characteristics :
One-person household :
One-person household 20.88 17.62 20.98 : 9.98 9.85 8.69
I
% hh. Members below 3 years of age 2.20 2.98 1.68 : 1.94 2.49 2.12
% hh. Members 3-6 years of age 2.35 2.66 1.97 : 2.67 2.59 1.98
% hh. Members 6-18 years of age 8.96 11.16 8.92 : 9.17 8.09 7.83
% hh. Members over 65 years of age 41.31 36.21 43.34 : 14.59 22.22 16.34
% of working individuals in hh. 44.13 43.33 34.09 : 47.27 46.25 47.01
% hh. Members with more than high 33.99  33.17 3161 | 2189 25.29 26.93
school education
% hh. Members Iess'than high school 11.87 11.13 15.07 : 56.93 52.96 51.47
education |
I
Total 21.5 53.3 25.2 : 18.76 54.5 26.74

To study the differences in demographic and socioaaic characteristics of individuals that
suffered from income losses at the beginning ofréoession we have estimated the probability
of suffering from an income loss using a nestedt lag detailed in section 3. Results appear in
Tables 6 and 7. Estimations using a two-stage ddsggit are particularly adequate in this
context because the log likelihood test IIA sholat errors are correlated between outcomes so
that a multinomial logit is inappropriate becaussmdom errors are not independent and
unobserved shocks have concomitant effects on ribleapility of being a stayer, an upward
mover or a downward mover. Therefore, the disshitylgparameters that measure the degree of
correlation of random shocks within the two typdsimdividuals (movers or stayers) is

significantly different from 1 in all our regresai

We have estimated the model using two differentifipations. In the first one the probability

of moving downwards is explained only by individudlaracteristics. In the second one the

demographic and socioeconomic characteristics ledrahousehold members are also relevant
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and are included in the regression. A first re®ilthat the “regression to the mean” effect is
strong in both countries and in all regressions: globability of moving downwards is larger
the higher your initial percentile is. A somewleiger regression to the mean effect is found for
Spain than for the US, even if coefficients arerexely similar in dimension. The main
difference in the variables that determine the pbilly of experiencing an income loss in
Spain and the US are related to individual's agd tre role of family demographic and
socioeconomic characteristics. In Spain old indiald have a lower probability of experiencing
a downward fall in comparison with younger coholts.the case of the US middle aged
individuals (particularly those between 45 and &%) in a better position than the rest to avoid
an income loss. The level of education attaineskisemely relevant in both countries in order
to reduce the chances of suffering from an incomss keven if its protective effect is larger in
Spain than in the US. As we will see, the role tifeo family members’ education (i.e. the
concentration of a high level of education in tleugehold) is significantly more relevant in
Spain than in the US to avoid income losses. Iddiai transitions out of work are more linked
to income losses in the US than they are in Spdierevonly being continuously at work
reduces the probability of an income loss companeleing always out of work. This result
could be linked to the more short-term protectiggom of unemployment benefits in Spain than
in the US.

In a second specification of the model we haveunhetl a variety of covariates related to the
household’s demographic and socioeconomic structiren the definition of the independent
variable, these covariates are particularly releuametermining the probability of disposable
income losses so that in both countries individciadracteristics lose explanatory power.
However, this is much more so in Spain than in W& suggesting that the structure of the
household has more relevance there. In fact, middésl individuals and those with a higher
level of education continue to have a lower prolighof suffering income losses in the US
even when other demographic characteristics offémaily are included. Households with
children are at a higher risk of suffering fromgatincome losses in both countries even if in the
US it is more households with small children andSppain it is more those households with
children over 6 years of age. Having individual®n®5 in the household (who presumably
receive a pension) or more individuals in work pot$ households from income losses in Spain
but not in the US. Also, the concentration of indihals with high school education is largely
protective of income drops in Spain but not in ti& where, in turn, it is the high concentration
of adult individuals with less than high school edfion that promotes income losses. A
relevant difference between both countries is thating more members at work in the
household is only protective in Spain but not tt& Bven if, for large income losses (more than

a 25 percent income drop) one-person households areorst position in both countries.
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Table 6. Determinants of the probability of movingdownwards in the income distribution (2006-2008) ndividual characteristics.

US - Moving downwards (base: stayer)

Spain - Moving downwards (base: stayer)

Individuals’ characteristics 10% Income change _ 25% Income change 10% Income change _ 25% Income change
Robust Standard Robust Standard Robust Standard Robust Standard
Coef. error Coef. error Coef. error Coef. error
Female 0.035 (0.091) : 0.052 (0.093) -0.086 (0.081) : 0.029 (0.075)
Age groups ( base 26-35) : :
36-45 -0.138 (0.142) : -0.148 (0.150) 0.335 (0.244) : 0.209 (0.213)
46-55 -0.358 (0.150) ** : -0.307 (0.146) ** 0.026 (0.248) : -0.033 (0.217)
56-65 -0.344 (0.162) ** : -0.151 (0.162) -0.311 (0.281) : -0.170 (0.245)
>65 0.001 (0.202) : 0.065 (0.191) -0.699 (0.321) ** : -0.680 (0.464) *
Level of education (base less than high 1 1
school) ! !
1 1
high school -0.312 0.271) * | -0.365 (0.166) ** -0.787 (0.205) = -0.606 (0.181)
more than high school -0.641 (0.218)  *x* : -0.807 (0.188)  *x* -1.702 (0.329) *** : -1.259 (0.230) ***
Work transitions (base Never at work) : :
Worked at t only 1.428 (0.288)  *x* : 1.588 (0.228)  *x* 0.172 (0.279) : 0.029 (0.224)
Works att +1 0.002 (0.359) : -0.059 (0.362) -0.236 (0.439) : -0.226 (0.397)

Always at work (t and t+1) -0.724 (0.210)  *** : -0.668 (0.179) -0.982 (0.283)  *** : -0.909 (0.207)  ***
Percentile at initial year 0.027 (0.009) *** : 0.035 (0.006)  ** 0.051 (0.010)  *** : 0.046 (0.009)  **
Constant -1.181 (0.680)  *** : -2.825 (0.487)  xx* -3.492 (0.995) : -3.979 (0.864)
Log-likelihood -7330.137 : -6563.5087 -9769.75 : -8771.9187

ikl _ Chi2(2)= 9.53, Prob. > Chi2 Chi2(2)= 32.42, Prob. > Chi2 Chi2(2)= 55.14, Prob. > Chi2 Chi2(2)= 69.46, Prob. > Chi2 !
Log-likelihood test IIA ( A1=1) ~0.0085 ~0.000 ~0.000 ~0.000 :
Number of observations 7,243 7,243 9,707 9,707 1

Note: parameter significance: * p<0.10, ** p< 0.85p<0.001. The reference individual is an upwandver. Reference individual is a male between 2b3fyears of age
with a level of education less than high school \whe never worked. Standard errors have been edjtmt correlation between members of the samedmld (robustness).
Therefore, observations are independent betweeseholds but not between individuals given thatimeanobility is determined at the household level.
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Table 7. Determinants of the probability of movingdownwards in the income distribution (2006-2008) ndividual and household characteristics.

US - Moving downwards (base: stayer) Spain - Moving downwards (base: stayer)
Individuals’ characteristics 10% Income change 25% Income change 10% Income change : 25% Income change
Coef Robust Standard Coef Robust Standard Coef Robust Standard Coef Robust Standard
) error i error i error i error
Female -0.021 (0.097) : 0.003 (0.094) -0.019 (0.081) : 0.099 (0.078)
Age groups ( base 26-35) : :
36-45 -0.271 (0.161) * : -0.184 (0.160) 0.003 (0.242) : -0.068 (0.220)
46-55 -0.356 (0.160) ** : -0.279 (0.155) ~* -0.101 (0.256) : -0.121 (0.238)
56-65 -0.257 (0.175) : -0.117 (0.1712) -0.195 (0.288) : -0.037 (0.262)
>65 -0.026 (0.276) : -0.147 (0.268) -0.141 (0.325) : -0.207 (0.324)
Level of education (base less than high ! !
school) ! !
[} [}
high school 0.076 (0.266) I 0.059 (0.252) -0.015 (0.174) I -0.116 (0.167)
1 1
more than high school -0.255 (0.300) 1 -0.581 (0.296) ** -0.034 (0.202) 1 -0.032 (0.194)
1 1
Work transitions (base Never at work) | |
1 1
Worked at t only 1.295 (0.318) *** 1.410 (0.256)  *** 0.457 (0.261) | 0.512 (0.241) **
| |
Works at t +1 -0.057 (0.365) | -0.004 (0.351) -0.182 (0.426) i -0.233 (0.438)
Always at work (t and t+1) -0.969 (0.245)  *** : -0.844 (0.212)  *+* -0.717 (0.233)  *** : -0.502 (0.207) **
One-person household 0.183 (0.187) : 0.377 0.177) * 0.376 (0.270) : 0.661 (0.249) *+*
Percentile at initial year 0.031 (0.009)  *** : 0.035 (0.007) **= 0.059 (0.011) : 0.057 (0.008)  ***
% hh. Members below 3 years of age 0.166 (0.674) : 0.222 (0.658) 0.248 (1.086) : 0.236 (2.003)
% hh. Members 3-6 years of age 1.336 (0.708) * : 1.148 (0.664) * 1.503 (1.048) : 1.481 (0.994)
% hh. Members 6-18 years of age 1.274 (0.469) ** : 0.676 (0.419) 2.033 (0.660)  *** : 2.007 (0.597) ***
% hh. Members over 65 years of age 0.176 (0.343) : 0.285 (0.345) -0.921 (0.391) ** : -0.866 (0.365) *
% of working individuals in hh. 0.349 (0.332) : 0.307 (0.333) -0.834 (0.429) * : -1.289 (0.356) ***
0 . .
é’jﬂsémimbers with more than high school -0.076 (0.329) ! 0.315 (0.322) -1.305 (0.422) * -1.226 (0.372) =
0, P 1 1
gjggémimbers less than high school 0.618 0.432) * | 0.634 (0.396) 1.223 (0.362) ** | 0.833 (0.314) **
1 1
Constant -2.120 (0.902) ** 1 -3.466 (0.641)  *** -6.115 (1.284) ** 1 -5.141 (0.950)  ***
1 1
Log-likelihood -7291.2702 ! -6511.2697 -9578.5269 : -8533.0621
et _ Chi2(2)=14.37 , Prob. > Chi2 Chi2(2)=32.54 , Prob. > Chi2 Chi2(2)= 83.24, Prob. > Chi2 |  Chi2(2)= 127.24, Prob. > Chi2
Log-likelihood test IIA ( A1=1) 20.008 20.000 ~0.000 | ~0.000
Number of observations 7,243 | 7,243 9,707 | 9,707

Note: parameter significance: * p<0.10, ** p< 0.0%p<0.001. The reference individual is an upwardver. Reference individual is a male between 253myears of age with a
level of education less than high school who hagmneorked and lives in a multi-member househotdn8ard errors have been adjusted for correlatiwden members of the same
household (robustness). Therefore, observationmdependent between households but not betweérndnéls given that income mobility is determinedhee household level.
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In sum, our results show that the level of educatamge and the presence of children in the
household are significant determinants of the poity of suffering income losses both in the
US and Spain. However, the actual impact of thesebles is different. In general, the role of
household characteristics is more relevant in Sgean in the US. In terms of education the
concentration of individuals with more than highhaal studies reduces the probability of an
income loss in Spain while in the US it is the camtcation of low educated individuals that
promotes income losses. Middle-aged cohorts irUtBere less likely to experience an income
loss while in Spain it is only old individuals (ové5) that are in a better position to avoid
income losses. Having children in the householdemses the probability of suffering from
income losses, even if in Spain this increase seofable only for households with children

over 6 years of age while it in the US there aredifterences in children’s ages.

Conclusions

This paper investigates the potential contributidrincome losses to the changes in perceived
economic insecurity in the initial years of the @&r&ecession in two developed countries: the
US and Spain. We argue that in a deep recessia;ytarly when unemployment is growing
rapidly, a large disposable income decline is theial determinant of individual’'esconomic
insecurityperception. Therefore, we use income instabilita itwo year period to measure the
dimension of economic insecurity and to identifyosas experienced an income loss so that
we can estimate the demographic and socioecondnairacteristics that make an individual

most exposed to insecurity.

Our results show both rank and time-independenmenie mobility is generally larger in Spain
than in the US in this period. Interestingly, thg@erience of both countries during the recession
appears to be different. In Spain income in momesntess correlated with that of moment t-1
during the recession than it was before, while igisot the case in the US. Therefore, mobility
conceived as income instability grows in Spain #adts slightly in the US as the recession

evolves, even if rank mobility is falling in botluntries.

Our measure of the prevalence of income losses slioat downward income changes only
increase in Spain in the period under study whilthé US they are constant or even decrease in
the first years of the recession. This is consistéith the results on an increase in absolute
income changes for Spain. Using the prevalencencdme losses as a proxy for economic
insecurity we conclude that society’s income insiéguevels were quite stable in Spain and
even fell slightly in the US at the beginning oéthecession. From 2008 onwards, insecurity

levels grew significantly in Spain increasing thanber of downward moves.
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Even if income insecurity is constant or decreasinthe social level during the early years of
the crisis, we know that the experience of indiaiduwith different demographic and

socioeconomic characteristics is diverse. We fingt tin both countries the probability of

experiencing a significant income change is lafgemdividuals below the median. Separating
income losses from income gains by percentile amanity our results also suggest that
individuals suffering from income losses in Spdithe beginning of the recession did not come
from a position below the median but, instead, waost often situated over that threshold. In
contrast, income changes taking place below theaneate significantly more often losses in
the US than in Spain. Along the rest of the distitn the relative weight of losses in relation to

gains is very similar in both countries.

Finally, a more detailed analysis of the charasties that affect the probability of experiencing
income losses shows that the age, level of educatiud the presence of children in the
household are the main determinants of the prdbabil suffering income losses both in the
US and Spain at the beginning of the crisis. Thinrddferences between the US and Spain are
that the role of demographic and socioeconomic déionisl characteristics is significantly larger
in Spain, young and middle-aged cohorts are in es@&position compared to the elderly and
education is even more relevant in preventing inredasses than it is the US (both at the

individual and the household level).
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APPENDIX

Table Al. Longitudinal samples, Spain.

Spain — Annual longitudinal samples of individuals

2006 - 2007 | 2007 - 2008 | 2008 - 2009 | 2009 - 2010
Total 23,739 24,605 25,190 23,907
Complete interview data 23,666 24,526 25,123 23,836
Data no tails and balanced panel 22,852 23,635 24,101 22,899
% Complete interview data 99.7% 99.7% 99.7% 99.7%
% Final data 96.3% 96.1% 95.7% 95.8%
Spain — Biennial longitudinal samples of individuals
2004 -2006 | 2006 -2008 | 2008 - 2010
Total 14,504 15,584 15,629
Complete interview data 14,511 15,222 15,421
Data no tails and balanced panel 13,448 14,672 14,765
% Complete interview data 96.8% 97.7% 98.7%
% Final data 92.7% 94.1% 94.5%
Table A2. Longitudinal samples, US.
US — Biennial longitudinal samples of individuals
2004 -2006 | 2006 -2008 | 2008 - 2010
Total since 1968 68,322 68,322 -
Complete interview data 17,548 18,218 -
Data no tails and balanced panel 16,005 16,562 -
% Complete interview data 25.7% 26.7% -
% Final data 91.2% 90.9% -
Table A3. Transition matrices, Spain, 2004-2010
Period 2004 -2006
Income Decile 2006
Decile
2004 1 2 3 4 5 6 7 8 9
1 42.42 | 13.80 | 9.53 | 9.27 | 5.80 | 546 | 345 | 474 | 2.92 | 2.61
2 18.87 | 27.84 | 15.27 | 1192 | 7.87 | 571 | 4.07 | 2.34 | 3.30 | 2.82
3 12.12 | 22.12 | 20.41 | 1290 | 9.90 | 8.82 | 6.22 | 4.06 | 1.95 | 1.49
4 6.40 | 11.43 | 19.67 | 17.56 | 15.22 | 11.01 | 8.10 5.06 3.53 2.04
5 5.84 | 9.18 | 14.07 | 20.61 | 15.47 | 13.63 | 876 | 593 | 4.69 | 1.83
6 5.22 | 6.01 | 7.32 | 831 | 18.16 | 20.44 | 16.00 | 7.50 | 7.00 | 4.04
7 334 | 414 | 6.72 | 10.41 | 11.72 | 15.30 | 17.66 | 19.05 | 8.59 | 3.07
8 422 | 205 | 451 | 336 | 6.61 | 9.48 | 16.54 | 22.40 | 21.15 | 9.67
9 1.27 | 098 | 1.21 | 467 | 3.86 | 594 | 12.33 | 21.78 | 28.13 | 19.83
10 130 | 1.57 | 1.20 | 1.68 | 465 | 4.17 | 7.40 | 6.39 | 18.66 | 52.98
Period 2006 -2008
Income Decile 2008
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Decile
2006 1 2 3 4 5 6 7 8 9 10
1 39.00 | 22.15 | 12.42 | 6.72 | 690 | 353 | 394 | 185 | 1.68 | 1.80
2 21.63 | 32.39 | 1580 | 9.74 | 4.28 | 5.87 | 447 | 3.20 | 1.34 | 1.29
3 12.83 | 14.22 | 24.37 | 17.55 | 9.20 | 6.68 | 493 | 5.15 | 2.97 | 2.09
4 6.69 | 10.50 | 18.78 | 20.20 | 12.07 | 10.78 | 10.14 | 4.77 4.37 1.70
5 7.06 | 6.69 | 845 | 17.06 | 23.64 | 1591 | 10.47 | 5.69 | 3.96 | 1.08
6 3.29 | 5.06 | 6.33 | 12.07 | 20.29 | 18.68 | 14.42 | 10.76 | 5.70 | 3.40
7 247 | 3.02 | 556 | 6.00 | 9.85 | 18.30 | 17.75 | 17.79 | 12.52 | 6.73
8 273 | 1.26 | 3.85 | 469 | 8.90 | 10.76 | 20.24 | 23.59 | 15.79 | 8.19
9 1.73 | 167 | 1.61 | 3.36 | 1.67 | 6.81 | 10.18 | 20.45 | 33.86 | 18.64
10 260 | 286 | 2.86 | 266 | 3.51 | 2.36 | 3.84 | 6.40 | 18.40 | 54.52
Period 2008 -2010
Income Decile 2010
Decile
2008 1 2 3 4 5 6 7 8 9 10
1 41.49 | 28.28 | 9.71 | 534 | 6.07 | 1.69 | 2.21 | 1.77 | 1.03 | 2.42
2 1791 | 29.79 | 19.70 | 14.06 | 4.78 | 494 | 3.32 | 1.62 | 2.51 | 1.39
3 13.39 | 12.55 | 24.55 | 19.88 | 10.68 | 8.45 | 5.65 | 2.97 | 0.99 | 0.90
4 7.44 | 10.24 | 12.56 | 22.59 | 15.14 | 12.89 | 9.36 | 4.24 | 3.64 | 1.90
5 495 | 434 | 14.84 | 12.62 | 21.76 | 18.09 | 10.93 | 6.57 | 3.05 | 2.84
6 477 | 5.03 | 7.17 | 10.36 | 16.74 | 19.85 | 15.83 | 9.31 | 6.44 | 4.50
7 3.14 | 3.05 | 6.05 | 7.08 | 12.33 | 12.55 | 19.38 | 22.43 | 7.23 | 6.77
8 227 | 333 | 284 | 518 | 6.48 | 7.85 | 15.96 | 23.96 | 23.04 | 9.08
9 2.87 | 245 | 1.25 | 230 | 297 | 7.08 | 11.76 | 17.18 | 33.41 | 18.73
10 1.74 1.11 1.15 0.74 3.00 6.58 5.74 9.73 | 18.78 | 51.42
Source: Authors’calculations using US PSID-CNEF BRESILC longitudinal data for Spain.
Table 4. Transition matrices US, 2004-2008
Period 2004-2006
Income Decile 2006
Decile
2004 1 2 3 4 5 6 7 8 9 10
1 46.44 | 24.94 | 10.20 | 7.07 | 3.66 | 253 | 1.89 | 1.58 | 0.74 | 0.95
2 18.36 | 30.51 | 23.44 | 10.96 | 8.23 | 3.90 | 2.17 | 1.12 | 0.65 | 0.65
3 12.22 | 16.52 | 21.94 | 19.62 | 1536 | 6.61 | 3.73 | 2.42 | 0.81 | 0.78
4 6.75 | 12.15 | 15.86 | 24.80 | 18.19 | 9.61 | 6.03 | 3.00 | 1.77 | 1.83
5 6.25 | 5.81 | 13.29 | 12.54 | 20.58 | 19.01 | 12.53 | 6.39 | 2.41 | 1.18
6 350 | 3.78 | 6.64 | 9.69 | 15.43 | 23.91 | 17.91 | 11.72 | 4.43 | 3.01
7 195 | 140 | 4.02 | 6.47 | 10.37 | 14.94 | 27.48 | 19.14 | 9.67 | 4.58
8 225 | 188 | 278 | 465 | 4.88 | 11.00 | 16.82 | 30.02 | 21.37 | 4.36
9 1.84 | 1.16 | 092 | 230 | 2.43 | 6.04 | 821 | 18.93 | 36.88 | 21.27
10 088 | 1.61 | 0.96 | 198 | 0.89 | 2.18 | 3.28 | 5.73 | 21.25 | 61.24
Period 2006-2008
Income Decile 2008
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Decile

2006 1 2 3 4 5 6 7 8 9 10
1 51.26 | 18.85 | 1192 | 6.34 | 432 | 353 | 136 | 0.68 | 1.34 | 041
2 21.78 | 32.01 | 16.93 | 13.86 | 5.86 | 3.76 | 2.76 | 0.87 | 1.37 | 0.81
3 9.37 | 22.03 | 28.39 | 15.55 | 11.27 | 6.36 | 3.20 | 1.87 | 1.25 | 0.72
4 6.54 | 11.45 | 18.25 | 22.13 | 16.42 | 9.79 | 8.13 | 4.23 | 2.15 | 0.90
5 4.01 8.45 | 10.72 | 19.00 | 24.35 | 16.11 | 9.15 5.09 1.54 1.58
6 235 | 251 | 6.71 | 11.14 | 19.40 | 24.41 | 1843 | 9.06 | 455 | 1.44
7 1.88 | 2.27 | 4.18 | 6.05 | 9.36 | 18.40 | 26.77 | 17.17 | 9.50 | 4.43
8 093 | 096 | 1.33 | 3.77 | 4.08 | 10.78 | 18.46 | 31.16 | 22.17 | 6.36
9 052 | 0.35 | 144 | 158 | 2.75 | 467 | 8.22 | 21.01 | 38.82 | 20.64
10 138 | 1.05 | 0.15 | 0.64 | 2.15 | 2.25 | 3.67 | 8.66 | 17.25 | 62.81

Source: Authors’ own calculations using US PSID-EGNdad EU-SILC longitudinal data for Spain.
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